
01. December 2022

L i n g u i s t i c  T e c h n o l o g i e s

Conversational Business Summit

Conversational Business: 
Myths, Realities, and 
Aspirations



L i n g u i s t i c  T e c h n o l o g i e s

Agenda

• Short Introduction to Kauz

• Conversational AI: Myths and Realities

• Conversational Business: Aspirations
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Chatbots live MitarbeiterFragen pro Tag

> 160 > 20.000 ~30

 Founded 2016 in Düsseldorf
 Customers: Savings Banks, Banks, Insurance Companies, IT-Firms, Retailers...

Introduction to Kauz
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Hello! I can gladly
answer your questions.

I‘ve lost my credit
card. What should I do 

now?

Enter your question here

Linda is typing...

I‘m sorry to hear that. If
your credit card was lost 

or stolen, you should
have it immediately

cancelled. You can reach
the cancellation hotline

by dialing 116 116.
For international 

customers, please use the
following number: 

+49 116 116.

Enter your question here

More

 1 chatbot template
 > 140 saving banks with

individualized versions
 ~ 3m conversations per 

year
 80% of answers generated

without human support
 Probably the Largest Chatbot

Project in Germany 

The Power of Reusability: Example Linda, Savings Banks
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Chatbots with Technology by Kauz Are Clear Market Leaders 
in Terms of Answer Quality

72% 72%
69%

65%

57%

52% 51%
49%

42%

37%
34%

3% 3%

0%

10%

20%

30%

40%

50%

60%

70%

80% Sparkasse Nürnberg

Sparkasse Köln

Volksbank Freiburg

VR-Bank Münsterland

Uniqa

Deutsche Familienversicherung

Inter Versicherung

ING DiBa

HUK 24

N26

Fidor Bank

Ergo

ARAG

Technoloy 
by Kauz

Source: Study Conversational Business 2020
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Preliminaries I: Simple Chatbots Use Only Decision Trees 
or „Dialogplans“

• Dialogplans can be very useful, 
e.g for advice and support

• Such kinds of chatbots are not 
„intelligent“, however

• Some people call them „rule-
based“

• We prefer to say „Klick-Bots“
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Intentlist
- Intent 1
- Intent 2
- Intent 3
...

Machine Learning

Linguistics

Kind of NLU

Kind of 
Domain 
Model

Entity-Relationship 
Model

Preliminaries II: More Advanced Chatbots Can Be 
Distinguished by Kind of NLU and Kind of Domain Model

Not practical„ML-based Chatbots“
(statistics-based)

Linguistic-based Chatbots
(rulebased)
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Myth Reality

AI is identical with Machine 
Learning 

AI comprised many techniques, among 
others NLP/NLU and Automated 
Reasoning

Myths and Realities - I
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• NLP
• Automated Reasoning

• Neural Netzworks
• Statistical Algorithms

Machine Learning

Deep
Learning

Artificial Intelligence

NLP Is A Part of AI, as Is Machine Learning 

„NLP enables humans to 
talk to machines“

Symbolic, rulebased AI

Statistical AI
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Myth Reality

ML-based Chatbots are „intelligent“ Most ML-based Chatbots 
can be quite stupid

Myths and Realities – II
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A Very Simple Testbot
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Thr Bot Gives the Expected Answer
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The Testbot appears to understand different Inputs
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Unfortunately, It Overgeneralizes
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Unfortunately, It Overgeneralizes
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The Bot Does Not Understand Negation
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We Add a Second Intent
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The Bot Gives the Expected Answer
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Ambiguous Inputs Lead to Arbitrary Answers – or No 
Answer
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Ambiguous Inputs Lead to Arbitrary Answers – or No 
Answer
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A Final Example ...
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Myth Reality

ML-based chatbots are 
„selflearning“ 

ML-based Chatbots have to be spoon-fed 
with data by humans

Myths and Reality - III
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I Can Define Synonyms
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I Can Precisely Select Words that Are Allowed In an Input
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I Can Add Negated Inputs to the Fallback Intent

Now these inputs will be 
answered with 
something like „I don‘t 
know“
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„Konfidenzniveau“

I Can Play with ML-Parameters – with Mixed Results
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Myth Reality

ML-based chatbots are 
„selflearning“ 

ML-based Chatbots have to be spoon-fed 
with data by humans

Myths and Reality - III
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Myth Reality

Rulebased chatbots are not 
intelligent

Linguistic-based chatbots are rulebased 
and can be quite intelligent

Myth and Reality - IV
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We Create the Same Intents as before in a Kauz-Chatbot
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Basic Questions Are Answered Correctly
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Basic Questions Are Answered Correctly
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Similar Expressions Are Recognized
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The Bot Doesn‘t Overgeneralize
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The Bot understands Negation
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Confronted with Ambiguous Inputs the Bot Creates Check-
Back Questions
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It Answers the Question After the Ambiguity Has Been Clarified
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Mythos Realität

Development of a rulebased  
chatbot is a lot of work

Development of a rulebased chatbots
is far less work than development of an 

ML-based chatbot

Myths and Reality - V



L i n g u i s t i c  T e c h n o l o g i e s
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• Conversational AI: Myths and Realities

• Conversational Business: Aspirations



Conversational Business

What would it mean today?
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An Entity-Relationship-Model for Chocolades

+ 3 weitere Schokoladen plus Lieferbedingungen (hier nicht gezeigt)
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How much is the Chocoleche?

I‘m looking for milk chocolade

What Chocolade has the highest 
cocoa content?

Chocolad below 5 Euro?

The Bot Searches directly in the Data for Information

How much time does delivery take?
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Conversational Business: Helping to Find Products
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Conversational Business: Comparing Properties 
Across Products
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Conversational Business: Comparing Prices
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Conversational Business:  Checkbacks with Pronouns
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Conversational Business: Terms And Conditions
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Conversational Business: All the Rest

Kann ich mit Paypal bezahlen?

Wo ist meine Bestellung?

Wie kann ich Ware umtauschen?
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Summary

• To make Conversational Business via Chatbots a reality, 
language understanding must be on a high and detailed 
level

• Rule-based approaches, in combination with 
(automatic) domain-modelling, provide an excellent 
basis for this

• Recreation of a personal shopping experience, with the 
help of a friendly and intelligent Chatbot, should not be 
a myth but quickly become a reality
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